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Abstract
1}!- ot

es—This report presents state, regional, and naticnal estimates of the
percentage of persans who were uninsured, had private health insurance coverage, and
hm ruhh: health insurance coverage at the time of the interview.

Methods—Data from the 2019 National Health Interview Survey were used to
estimate health insurance coverage. Estimates were categorized by age group, state
Medicaid expansion status, urbanization level, expanded regions, and state. Estimates
by state Medicaxd expansion status, urbanization level, and expanded regions were
based on data from all 50 states and the District of Columbia. State estimates arc
shown for 32 states and the District of Columbia

Results—In 2019, among persons under age 65, 12.0% were uninsured, 64.3% had
private coverage, and 25.9% had public coverage at the time of the interview. Among
adults aged 18-64 (working-age adults), the percent uninsured ranged from 12.47% for
thase living in large fringe (suburben) metropolitan counties to 17.5% for those iving
in nonmetropolitan counties. Working-age adults living in non-Medicaid expansion
states (20 8%) were about twice as likely o be uinsured compared with those living
in Medicaid expansion states (10.9%). Similar pattems were observed among children
uged 0-17 years. The percentage of working-age adults who were uninsured was
significantly higher than the national average (14.5%) in Florida (20.6%), Georgia
(22.3%), Oklahoma (25.6%), and Texas (30.5%), and significantly lower than the
national average in Californa (11.5%), Minnesota (6 %%), New York (7.4%), Ohio
(10:8%), Pennsylvania (9.8%), and Wisconsin (7.7%). The percentage of people under
age 65 who were unnsured was lowest in the New England region (4.6%)

Keywords: uninsured « private « public + state level » National Health Interview
Survey

Introduction

Health insurance coverage in
the United States is a key measure
of health care access (1-3). Previous
research based on national surveys
has found geographic vasiation in
insurance coverage in the United Sta
by urbanization level, state Medi
expansion status, region, and state (4-6)
Population estimates of health insurance
caverage at the state level arc necessary
for the development and assessment of
federal and state health care coverage
programs and policies (7-9). A recent
study found that more than 4 million
persons would gain coverage if the
remaining non-Medicaid expansion
states would fully implement a Medicaid
expansion under the provisions of the
Affordable Care Act (ACA) (10,11).
This report examines geographic
variation in health insurance coverage
in the United States in 2019, Estimates
of the percentage of persons who were
uninsured, had private coverage, and
had public coverage at the time of the
interview are presented by urbanization
level, state Medicaid expansion status,
expanded regions, and selected states,
The primary focus of this report will be.
on persons under age 65, because nearly
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Table 1.
state: United States, 2019

for aduits aged 18 and over, by

Vireless-only  Wireless- Landine- Lendine-cly  Fhoneless
Geographic sren sduts moslly sduls  Duslusers  mostly scults aduls aduits Total
Mabarma 638024 189(1.4) 78(12) 5108 4307) 23 1000
Alaska 633021) 9101.7) 92(1.0) 36(08) 26(06) 21 1000
Arzona 71222 #2014 60(09) 43008) 2405 21 1000
Arkansas 680(27) 135(1.4) 65(1.0) 87(11) 29(08) 21 1000
Caifornia 598(1.3) 217(1.0) 94(07) 49(05) 27(03) 15 1000
Colorado 634122) 190(15) 90(1.0) 43007 21(03) 12 1000
Connecticut 43124 21119) 142(15) 69(09) 54008) 13 1000
Delaware 51629 200(18) 134(15) 67(10) 34(08) 0 1000
District of Conumbia. 553(3.0) 209(23) 23(18) 34(08) 38(09) 13 1000
Floda B16(16) 21(12) 84(07) 41005 36(03) 21 1000
Geergia B37(16) 197(12) 80(09) 41086 28(05) 16 1000
Hawsil 529(26) 215(19) 160(1.9) 43(089) 3807) 14 1000
Idaho 4827 16013 58(12) 41008 23(05) 14 1000
Mincis B08(16) 191(12) 104(09) 53086 28(04) 17 1000
Indisna 65.9(1.8) 144013) 81(09) 55(08) 29(05) 22 1000
lows 86.4(26) 142(1.4) 81(1.0) 62(08) 35(06) 15 1000
Kansas 67622 146(16) 86013) 48008 28(05) 17 1000
Kentucky 83924 135(12) 86(12) 77010) 38007) 23 1000
Loulsiana §40{19) 18.4(1.5) 82(1.1) 44(08) 29(05) 20 1000
Maine. 518035) 144(15) 22017) 19017) 73(10) 25 1000
Maryland 2023 00(1.9) 142(13) 8308 29(08) 14 1000
Massachuselts 441120) %2017 164(13) €9(09) 49(07) 14 1000
chigan 617(19) 1B5011) 99(1.0) 78(09) 38(05) 14 1000
Miescts 57022 195(15) 109(11) 7108 45(07) 10 1000
Massissipp 326 144(16) 51(1.0) 39(06) 28(086) 28 1000
Mssoun 858(19) 182013 89(10) 55007) 27108) 18 1000
Montana 80629 157(15) 102015 87012) 45(08) 23 1000
Nebrasks 67(26) 183(18) 85(1.1) 41(08) 30(08) 13 1000
Nevada 67025 19307 8501.1) 2405 28(086) 21 1000
New Hampeie 46521 22(18) 146(1.8) 89(15) 56(09) 12 1000
New Jersey 5221 25(16) 148012) 69(08) 43(086) 15 1000
New Mexico 732024 B7(1S) 41(09) 2707 37107) 26 1000
New York 438014 201(1.1) 169(1.0) 71108 £0(05) 20 1000
North Caroline 807(1.8) 187(12) 5.4(09) 5707 38(05) 16 1000
North Dakota 612033 178020 12701.8) 45(1.0) 26(06) 14 1000
onio 614(18) 60(1.1) 97109) 78(08) 3205 18 1000
OKlshoma 73520 139(13) 56(09) 3308 22(05) 15 1000
Oregon 64.1123) 77015 72(10) 54(08) 43(07) 13 1000
Peansyvania 498(15) 200(12) #3011) 96(08) 45(05) 18 1000
49227 21(18) 136(16) 81013 49(07) 12 1000
56723 182(1.4) 95(12) 77(10) 40(08) 18 1000
87529 18018 93(14) 45(09) 4107) 28 1000
B4620) 181(1.4) 7.1(09) 63007 25(08) 24 1000
695(13) 174(10) 57(08) 33(04) 20(03) 17 1000
72228 1718 82012) 18(05) 19(05) 12 1000
47722 164018 114(16) 120018) 102(14) 2 1000
533(189) 28(15) 108(1.0) 77108) 43(06) 13 1000
83.0(1.9) 187(13) 81(10) 46(07) 22(08) 14 1000
598(3.0) 133016) 87(13) 109015 4808 27 1000
589.20) 165(14) 104 (1) 89(089) 39(08) 16 1000
76125 10201.2) 63(1.3) 35(08) 26(08) 13 1000

See notes on next page.
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Brief History of State Estimates from the

ational Health Interview Survey
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Synthetic Estimation of
State Health Characteristics
Based on the

Health Interview Survey

‘This report discusses the various methods that have been proposed
or used for obtaining estimates of health characteristics for local
areas. Particular emphasis is given to discussion and evaluation of
synthetic _estimation procedures developed originally at the
National Center for Health Statistics for purposes of estimating
levels of health characteristics obtained from the Health Interview
Survey for each State and the District of Columbia.

DHEW Publication No. (PHS) 78-1349

U.S. DEPARTMENT OF HEALTH, EDUCATION, AND WELFARE
Public Health Service
National Center for Health Statistics
Hyattsville, Md. October 1977

1960s -1980s

Ratio-adjusted

synthetic
estimates

1990s: Bayesian
methods using

hierarchical models

Small Area Inference for Binary Variables in the
National Health Interview Survey

Donald MALEC, J. SEDRANSK, Christopher L. MORIARITY, and Felicia B. LECLERE
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KEY WORDS: Bayesian pewdictive inference; Cluster sampling; Cross-validation: Eeepirical Bayes: Hiecarchical model; Logistic
estimates.

1. INTRODUCTION

‘The National Health Interview Survey (NHIS) is a mul-
tistage, personal interview sample survey conducted annu-
ally for the National Center for Health Statistics (NCHS)
10 provide information about the health and health care uti-
lization of the civilian, noninstitutionalized population in
the United States, Basic health questions are asked in all
selected households (e.g., perceived health status, visits to
a physician). Persons in subsampled households are

asked more detailed questions about chronic and lcun: con-

ical arcas. For example, Lieu, Newacheck, and Mc-
Vhanus (1993 ased dat from he 1988 NHIS child healdh
supplement to compare aceess 1o health care and use of
doctors for 10-17-year-old blacks, whites, and Hispanics.
Sometimes estimates are required for small subpopulations
‘within small geographical arcas. For example, the National
Immunization Survey provides cstimates of immunization
rates for children ages 19-35 months and monitors changes
in these rates in 78 small areas. Because federal funding to
the states for the National Immunization Program depends

on the

ditions (c.g. bronchitis).

are investigated using a subsample of individuals. The ba
sic core questions and questions about chronic and acute
diseases are covered annually, whereas questions on special
topics are asked only periodically.

The 19851994 NHIS sample has about 200 primary
sampling units (PSUs), sclected from a stratificd popula-
tion of size 1,983, Each PSU consists essentially of a single
county or a group of contiguous counties. Withi
pled PSU, groups of houscholds are ageregated into arcal
segments and sampled. Each year there is a new sample with
approximately 50,000 houscholds and 120,000 individuals.
Massey, Moore, Parsons, and Tadros (1989) provided addi-
tional details about the design of the NHIS

The NHIS emphasizes national estimates, but there is
also a need for estimates for small subpopulafions or geo-
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5 roRible icasmres of variability are needed.
Our objective is to provide appropriate cstimates from the
NHIS for the 50 states and the District of Columbia and for
lieat i i areas. Many
exist for inference about small geographical areas and do-
mains; the recent papes by Ghoth ard Rao (1994) rovided
a thorough. excelleat review, and 2n older article by Purcell
and Kish (1979) gave a historical perspective and more de-
tailed descriptions of some methods. For a recent review of
small arca estimation projects in the UL.S. government see
Schaible (1995). Unfortunately, randomization-based esti-
‘mates (also known as design-based or direct estimates), are
not sufficiently precise for many states and subpopulations
current design (with sampling roughly propor-
tional to PSU population size). A commonly used method,
synthetic estimation, has also beea shown (o be unsatisfac-
tory (Sirndal 1984; Schaible, Brock, Casady, and Schnack
1979). Thus we investigate alternative estimators based on
realistic models, and compare these with the standard esti-
‘mators.
Most of the variables in the NHIS are binary, and we
use hierarchical models similar to those used by Dempster
and Tomberlin (1980) and Wong and Mason (1985). We use
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Milestones in State-level Health Insurance Estimates

= 2004: Direct “Early Release” estimates for 10 states

— Based on data from one year
— Expanded to 20 states from 2005-2010

= 2008: Direct estimates for 41 states
— Based on pooled data from three years (2004-2006)
— Estimates reported for states with 1000+ persons in pooled sample

— Smoothed variance estimates using design effect estimated from the
10 most populous states

= 2014 and 2015: Direct estimates for all 50 states
— Augmented sample size allowed for single-year estimates for all states

— Otherwise, the number of states with estimates varied by annual
survey sample size from 2011-2018, ranging from 17 to 45



Recent Changes
Impacting Ability to Produce Direct State Estimates

= 2019: NHIS questionnaire redesign

— Person counts reduced even though household Vital and Health Statistics
counts remained the same R

= 2017: New NCHS data presentation standards

— Added a standard regarding minimum degrees of

freedom
= 2016: New NHIS sample design
— Stratified, clustered sample with 534 clusters HationaliCanterifon] inaith Statehes
R Data Presentation Standards for
natlonally Proportions
— Clusters do not Cross State Iines Data Evaluation and Methods Research

— 18 states have fewer than 8 clusters

— Clusters remain unchanged over 10-year span of the
design




Relaxing Requirement that Clusters Remain Unchanged

NHIS sample will be redesigned
for 2025

One goal is to improve ability to
produce state estimates

In 2022-2024, Census Bureau
will examine impact of rotating
clusters on costs and workforce
retention

* Pilot test in 6 states, 4 of them

selected from those states with
fewer than 8 clusters

Figure 8, Adults aged 18-64 who had private coverage at the time of interview: United States, 2019

W Significantly lower
than the national average
I No significant difference
from the national average
=3 Significantly higher
than the national average
=1 Not shown because
estimate was not reliable

States with estimates not shown are the
18 states with fewer than 8 clusters each

Figure Source: Cohen RA, Terlizzi EP, Cha AE, Martinez ME, Parsons VL, Wei
R, He Y. Geographic variation in health insurance coverage: United States,
2019. National Health Statistics Reports; no 163. 2021.




odel-Based Estimates

= NCHS has published state-level telephone
service estimates annually since 2011

— Estimates of wireless-only, landline-only,
and dual users for all 50 states and DC

— Derived using a weighted combination of a
direct NHIS estimate and a regression-
synthetic estimator that uses data from
NHIS and ACS

— Developed and implemented every year by
Nada Ganesh (NORC)

NATIONAL CENTER FOR HEALTH STATISTICS

| National Health Interview Survey Early Release Program

the percent a0uts aged 18 and over, by
nited States, 2019
Wirsless-only  Wieless- Landine-  Lsndine-coly  Phoneless.
Geographic sea sduts moslysculs  Duslusers  moatly aculs adults acults Totsl
Asbama 63824) 6901.4) 4307) 23 1000
jaska 9101.7) 26008 21 1000
21 1000
21 1000
15 1000
12 1000
Connect 13 1000
Delawsre s 1000
District of Conmtis 13 1000
Flonda 21 1000
Geargis 18 1000
Wawait 14 1000
Idaho 14 1000
s 17 1000
nd 2 1000
lows 18 1000
Kansas. 17 1000
Kentucky 23 1000
Louisiana 20 1000
ine 25 1000
ryand 14 1000
Massachusetts 14 1000
chigan 14 1000
nescts 10 1000
Mssissippl 25 1000
WMssou 18 1000
Montana 23 1000
Nebrasks 13 1000
Nevada 21 1000
New Hampshire 12 1000
New der 15 1000
New Mexico 26 1000
New Y 20 1000
Noth Caroline 18 1000
North Dakota 14 1000
onie 2005 18 1000
Okishema 22(05) 15 1000
Oregon 43007) 13 1000
Pennsyania 45005) 18 1000
Rhode lsland 45007) 12 1000
South Carcling 10008) 18 1000
South Daketa 41007) 28 1000
Temessee 35(08) 24 1000
Texss 20003) 17 1000
utah 19(05) 12 1000
Ve 102018 22 1000
Virginia 43008) 13 1000
Visshington 32(08) 14 1000
Viest Vieginia 16008) 27 1000
Visconsin 35008) 16 1000
78125 1202 3508 2508) 13 1000
See nctes on next page.
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Small-Area Estimation Project: A Feasibility Study

Recently launched with the Census Bureau’s Small Area Modeling and Development Branch

= Project Goals
1. Develop models that will produce annual state-level small area estimates

2. If possible, develop models that will produce annual state-level small area
estimates with demographic detail

3. Evaluate the performance of models that use publicly available auxiliary data
compared with those that use restricted data

4. If possible, seek a generalizable framework for future small area estimates

= [|nitially producing state-level estimates for four measures:
— Foregone medical care due to cost; asthma; asthma episodes;
and self-reported worry, nervousness, or anxiety



Potential Topics for BSC Discussion

= How best to achieve and evaluate state estimates
= Value of state estimates from NHIS

= Value of subgroup estimates within states, defined by geography or
sociodemographic groups



